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This paper explores the relationship between democracy and economic prosperity across the world.  
We use data from the EIU Democracy Index as a benchmark for each country’s level of democracy, 
and the World Bank’s Gross Domestic Product (GDP) per Capita Index as a measure of wealth.  
Additionally, we include each country’s average inflation over the past ten years, foreign direct 
investment (FDI), Gini coefficient, savings as a percent of gross national income, and unemployment 
rate as secondary explanatory variables to help determine the underlying relationship.  A positive 
correlation between EIU Democracy Index levels and GDP per capita is hypothesized, which is 
supported by the regression analysis performed.  
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I. Introduction 
In 1977, twenty-four percent of countries qualified as democracies.  Forty years later, that number 
had risen to fifty-seven percent, with over one third of all newly formed nations since 1989 becoming 
democracies.1  While the democratization of these countries was driven by a variety of social and 
political factors, economic concerns also played a significant role.  For instance, the collapse of the 
U.S.S.R. was largely induced by the poor performance of the Soviet economy, even after the 
numerous reforms of perestroika.  Following the Soviet Union’s disbandment, former Soviet states 
that embraced a democratic government, such as Estonia and Lithuania, have seen dramatic growth.  
According to the World Bank, Estonia’s GDP per capita has grown by almost 20,000 USD over the 
past twenty years, while Lithuania’s has grown by over 16,000 USD in the same period.2 This is just 
one example of countries experiencing a long period of economic growth following their transition to 
a democracy, and suggests that there might be a link between GDP and system of government. 
Nevertheless, previously communist East Asian countries like China and Vietnam have embraced a 
market economy without fully democratizing and also seen an explosion in economic growth.  In 
1990, China’s GDP per capita was a mere 318 USD, according to the World Bank.  As of 2019, this 
value had soared to over 10,000 USD, an increase of over 3000%.3 Similarly, Vietnam’s GDP per 
capita grew by 2800% over the same time period.4  This raises an important question: are these two 
countries simply outliers, or is there no link between democracy and economic prosperity? 
This paper will explore the relationship between a nation’s level of democracy and its economic 
prosperity by using cross-sectional data from the World Bank and the Economist Intelligence Unit 
(EIU) to create both simple and multiple linear regression models.  The primary explanatory variable 
studied will be the EIU Democracy Index score, and the dependent variable will be GDP per capita.  
Furthermore, we will include numerous secondary explanatory variables in our analysis to reduce 
omitted variable bias.  We hypothesize that there will be a positive correlation between the EIU 
Democracy Index score of a country and its GDP per capita.  The economic rationale behind this 
hypothesis is that countries that are more democratic tend to support more of a free market economy, 
 
1 Pew Research Institute 
2 World Bank GDP per Capita Index 
3 World Bank GDP per Capita Index 
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while those that are less democratic may not.  Because a free market is the most efficient type of 
economy in the long run, this should imply a positive correlation between level of democracy and 
GDP per capita. 
II. Literature Review 
Concerning economic journal papers on this subject, there is no clear consensus on the correlation 
between the level of democracy and GDP per capita of a nation.  In fact, there is a sizable amount of 
research supporting both sides of the argument.  Acemoglu et al. (2008) researched the relationship 
between the Freedom House Political Rights Index and the Polity IV Dataset, two measures of how 
democratic a country is, and GDP per capita across 150 countries.  They considered two time 
periods: one spanning the years 1970 to 1995, and another spanning the years 1900 to 2000.  For the 
first time period, Acemoglu et al. relied on the Freedom House Political Rights Index data to measure 
the level of democracy in their sample countries, while in the second time period, they used the 
Polity IV Dataset.  Performing simple regression on both datasets, they found that there was a strong 
positive correlation between the change in the level of democracy and the logarithm of the change in 
the GDP per capita of a country.  However, after controlling for numerous fixed effects, such as 
population, savings rate, and trade-weighted GDP, they performed multiple linear regression and 
found almost no correlation between these two variables. 
Heshmati & Kim (2017) explored the relationship between economic growth and democracy using 
the same Freedom House and Polity IV datasets as Acemoglu et al. but came to a much different 
conclusion.  Instead of taking the raw data values from these datasets, though, Heshmati & Kim 
created a new binary variable corresponding to whether a country was democratic.  They assigned a 
score of 1 to each country that both received a “free” or “partially free” rating in the Freedom House 
dataset, as well as had a positive Polity IV score, and a 0 to every other country.  Naturally, 1 
represents a democratic country, while 0 represents a non-democratic country.  This allowed them to 
fill in missing observations for years during which one of the datasets did not have any recorded 
value.  Heshmati & Kim analyzed this data for 144 countries between the years 1980 and 2014, and 
additionally controlled for credit guarantee and foreign direct investment (FDI).  By applying both 
single and multiple time trend models to their data, Heshmati & Kim found that democracy has a 
strong positive impact on GDP. 
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Drury et al. (2006) indirectly researched the relationship between democracy and GDP per capita by 
analyzing the link between corruption and democracy.  They used a time-series cross-section of 102 
countries between the years 1982 and 1997, which contained data from the World Bank’s World 
Development Indicators to measure GDP and data from the International Country Risk Guide as a 
measure of corruption.  Additionally, they controlled for variables like life expectancy, population 
growth, and government spending in their analysis.  After splitting their dataset into two groups—
one with countries deemed democratic, and the other with countries considered undemocratic— 
Drury et al. performed multiple regression on each independently.  They found that corruption had no 
statistically significant effect on the GDP of democratic countries, while corruption did have a large 
negative effect on the GDP of nondemocratic countries.  This led them to conclude that even if there 
is no direct relationship between democracy and economic prosperity, there at minimum tends to be 
less corruption in democracies compared to non-democracies, which indirectly boosts GDP. 
While the previously cited studies mainly rely on time-series analysis to quantify the impact of 
democracy on economic growth, this paper instead focuses on a single snapshot of time.  This 
controls for economic shocks that were unrelated, yet might have influenced either variable.  This 
also allows us to easily control for the impact of inflation, since our data is from a single year, rather 
than attempting to account for constantly fluctuating inflation and exchange rates.  Furthermore, in 
this analysis, we consider multiple control variables not evaluated in other research papers.  For 
example, we include the average inflation rate over the previous ten years, the Gini coefficient, and 
the unemployment rate in our regression equations.  Examining these in conjunction with other more 
widely analyzed control variables, such as FDI and savings rate, should allow us to gain a more 
comprehensive understanding of the underlying relationship between the level of democracy and the 
GDP of a country.  Additionally, our analysis will include more recent data than any of the studies 
discussed above, which should allow us to draw more pointed conclusions.  
III. Data 
To perform analysis on the relationship between the democracy level and GDP per capita of a 
country, we use a cross-section of multiple datasets.  The primary explanatory variable is the 
Economist’s Intelligence Unit (EIU) Democracy Index score, and the dependent variable of interest 
is the natural logarithm of GDP per capita.  The EIU Democracy Index score is a weighted sum of 
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sixty different indicators that describes how democratic a country is.  Scores range from zero to ten, 
with ten being the most democratic score possible.  Countries like Finland and Norway consistently 
rank towards the top of the list with scores well over nine, while countries like North Korea tend to 
have scores close to zero.  For the purposes of this analysis, we will consider the EIU Democracy 
Index scores of 139 countries from 2018.  A list of countries is included in Appendix A.  This 
measure of democracy was chosen because it gives each country a score on a continuum, rather than 
a simple ranking like many similar indexes.  This ensures that our data is spread out in a meaningful 
way when we perform regression, instead of giving each country a single rank.  In the future, we will 
refer to this variable as demindex. 
GDP per capita is a well-defined metric, and for purposes of this analysis, we will use the World 
Bank’s 2018 GDP per Capita Index in current USD data.  The unit for GDP per capita does not 
matter, but for simplicity’s sake, we will use USD.  Furthermore, we will take the natural logarithm 
of this value when performing regression, a common practice when analyzing the GDP of nations.  
This transformation allows us to see a linear relationship between our explanatory and dependent 
variables, since using pure GDP would likely not result in a linear relationship.  In the future, we will 
refer to this variable as gdpcap when we are referencing the raw data or loggdpcap when we are 
talking about the natural logarithm of the data.  An initial scatterplot of our data shows a relatively 
strong correlation between our two variables: 
 
Our first control variable is avginfl, the average inflation rate of a country between 2009 and 2019.  
The raw data for each year during this time period was taken from the World Bank’s Consumer Price 
Figure 1 
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Inflation Index, and then averaged using Microsoft Excel. We have chosen to include this in our 
model because it provides insight into the stability of a nation’s economy. Volatile inflation rates 
could negatively impact a country’s GDP, which is why we’ve decided to control for this.  
Additionally, we’ve selected this ten-year time frame because such a duration allows us to analyze 
the long-term stability of a country, while not looking so far into the past that our data becomes 
irrelevant. 
Our next three control variables are fdi, gini, and savings. As their names suggest, fdi is the net 
inflow of foreign direct investment, gini is the Gini coefficient, and savings is the savings rate of a 
country. These three variables are commonly used when analyzing the GDP of countries, and all 
three were used in Acemoglu et al. and Heshmati & Kim’s papers. The net inflow of foreign direct 
investment can be a good indicator of the strength and stability of an economy, so we would like to 
control for it. The Gini coefficient ranges from 0 to 100 and is a measure of economic equality, with 
100 being a perfectly equal economy. This metric is important for our analysis because it allows us to 
control for countries’ differences in distribution of wealth, but recent data is unfortunately not 
available for a sizable number of nations. As such, we have decided to take each country’s most 
recent Gini coefficient from the past five years. Finally, we control for the savings rate of a country, 
since this, too can provide insight into strength and stability of an economy that we would not want 
to omit. Our last variable is unemploy, the unemployment rate of a country in 2018.  This variable 
was not used in any of the previous papers, but is still interesting to include in our analysis to see if it 
has any underlying relationship with GDP.   
A description of each variable can be found in Table 1 below: 
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Table 1: Variable Descriptions 
Variable Name Description Units Source 
gdpcap Gross Domestic Product per 
capita in 2018 
USD World Bank 
loggdpcap 
Natural logarithm of Gross 
Domestic Product per capita 
in 2018 
USD World Bank 





avginfl Average inflation rate 
between 2009 and 2019 
Percentage World Bank 
fdi Net inflow of foreign direct 
investment in 2018 
Billions USD World Bank 
gini Most recent Gini coefficient 
over the past five years 
Percentage World Bank 
savings 
Savings as a percentage of 
gross national income in 
2018 
Percentage World Bank 
unemploy Unemployment rate in 2018 Percentage World Bank 
 
Descriptive statistics for each variable can be found in Table 2 below: 
Table 2: Descriptive Statistics 
Variable Name Observations Mean Std. Dev. Min Max 
loggdpcap 139 8.78 1.483 5.60 11.67 
demindex 139 5.78 2.087 1.61 9.87 
avginfl 139 4.63 4.711 -0.03 33.29 
fdi 139 8.34 49.908 -361.47 261.48 
gini 119 37.74 7.820 24.2 63.00 
savings 132 9.16 10.694 -28.37 37.67 
unemploy 132 6.66 5.000 0.11 26.91 
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We now verify the Gauss-Markov assumptions prior to constructing our models. 
Assumption 1: Model is linear in parameters. All models that we will construct will be in the form 
𝑦 = β0 + β1𝑥1 + β2𝑥2 + … and therefore will satisfy this condition. 
Assumption 2: Random sampling. For our analysis, we used data for every country available.  
Therefore, the random sampling assumption is satisfied. 
Assumption 3: No perfect collinearity. As evidenced by the STATA outputs in Appendix C, there 
is no perfect collinearity between any of the variables. 
Assumption 4: Error has zero conditional mean. This assumption is impossible for us to verify 
and quite tenuous.  However, we don’t have any evidence that this assumption is false, so we will 
proceed and interpret results cautiously. 
Assumption 5: Homoskedasticity. Similar to assumption four, it is difficult to verify that the values 
of the explanatory variables don’t contain information about the variability of the error.  We will 
again proceed cautiously. 
IV. Results 
Having addressed the Gauss-Markov assumptions, we can now begin our data analysis.  In this 
section, we will explore three different models to test the hypothesis. The STATA regression outputs 
for each model can be found in Appendix B, and the STATA correlation calculations for each model 
can be found in Appendix C. 
Model 1: 
We start with a simple regression analysis of the relationship between the natural logarithm of GDP 
per capita and the EIU Democracy Index score of a country.  This can be written as: 
log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  β0  +  β1𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 +  𝑢 
For this model, we have a sample size of 139 countries.  The estimated equation calculated by 
STATA is: 
log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  6.17  +  0.45𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 
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The R-squared of this model is 0.4013 and the correlation coefficient is 0.6335, signifying a 
relatively strong, positive correlation between the two variables.  The estimated value of β1 is 
positive and shows that our model predicts a 45% increase in GDP per capita for every one point 
increase of a country’s EIU Democracy Index score. 
This model seems to suggest that there exists a positive linear relationship between the EIU 
Democracy Index score and the GDP per capita of a country.  However, there likely exists a large 
amount of omitted variable bias, since we only performed simple regression and did not control for 
any other factors.  In the following models, we will perform different multiple regression analyses to 
try to decrease this omitted variable bias and gain a more accurate understanding of the underlying 
relationship between the two variables of interest.   
Model 2: 
We next perform multiple regression, including all secondary explanatory variables in our model. 
The equation for this model is: 
log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  β0  +  β1𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 + β2𝑎𝑣𝑔𝑖𝑛𝑓𝑙 + β3𝑓𝑑𝑖 + β4𝑔𝑖𝑛𝑖 + β5𝑠𝑎𝑣𝑖𝑛𝑔𝑠
+ β6𝑢𝑛𝑒𝑚𝑝𝑙𝑜𝑦 + 𝑢 
 
For this model, we only have a sample size of 119 countries due to the lack of data for gini, savings, 
and unemploy discussed above. While this is not ideal, our sample size still should be large enough to 
avoid micronumerosity. The estimated equation calculated by STATA is: 
 log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  7.261  +  0.504𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 − 0.056𝑎𝑣𝑔𝑖𝑛𝑓𝑙 + 0.003𝑓𝑑𝑖 − 0.040𝑔𝑖𝑛𝑖
+ 0.001𝑠𝑎𝑣𝑖𝑛𝑔𝑠 + 0.021𝑢𝑛𝑒𝑚𝑝𝑙𝑜𝑦 
 
The R-squared of this model is 0.7099 and the adjusted R-squared is 0.6944. Notably, the correlation 
between demindex and loggdpcap is 0.7966 when controlling for the secondary explanatory 
variables, which is much higher than in our simple regression model. This suggests that there is a 
strong positive relationship between these two variables. Furthermore, demindex has a p-value of 
0.00 and a 95% confidence interval of [0.42, 0.59], showing that it is highly significant. Using a two-
sided T-test, demindex is significant at the 1% level. The estimated value of β1 is positive and shows 
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that our model predicts a 50.4% increase in GDP per capita for every one point increase of a 
country’s EIU Democracy Index score, which again is higher than in our simple regression model. 
The coefficients of the secondary explanatory variables are not the primary concern of this analysis, 
but it is interesting to note that our model suggests that gini is negatively correlated with loggdpcap, 
while unemploy is positively correlated with loggdpcap. It does seem plausible that a lower Gini 
coefficient could be linked to a higher GDP, and the fact that gini has a p-value of 0.00—the lowest 
of all secondary explanatory variables—demonstrates that gini is significant even at the 1% level. 
However, the idea that countries with higher rates of unemployment have higher GDP’s does not 
make much economic sense. Furthermore, the p-value of unemploy is quite high at 0.173. This likely 
means that our analysis could be improved by removing unemploy from our regression analysis. 
Similarly, the p-value of savings is very high at 0.894, showing that savings might too be an 
irrelevant variable for this analysis. We will explore these variables further in the following section. 
All other secondary explanatory variables are statistically significant at the 10% level, with avginfl 
being significant at the 5% level. 
Model 3: 
To address some of the issues with the previous model discussed above, we will again perform 
multiple regression, but this time ignore savings and unemploy. The equation for this model is:  
log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  𝛽0  +  𝛽1𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 + 𝛽2𝑎𝑣𝑔𝑖𝑛𝑓𝑙 + 𝛽3𝑓𝑑𝑖 + 𝛽4𝑔𝑖𝑛𝑖 + 𝑢 
We again only have a sample size of 119 countries for this model, since we are still including gini in 
our analysis.  The estimated equation calculated by STATA is: 
 log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  7.253  +  0.511𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 − 0.054𝑎𝑣𝑔𝑖𝑛𝑓𝑙 + 0.003𝑓𝑑𝑖 − 0.037𝑔𝑖𝑛𝑖 
 
The R-squared of this model is 0.7050, which is marginally lower than in the previous models, but 
the adjusted R-squared is slightly higher than before at 0.6947.  Additionally, the correlation between 
demindex and loggdpcap remains 0.7966 when controlling for this smaller subset of secondary 
explanatory variables. The estimated value of β1 is positive and shows that our model predicts a 
51.1% increase in GDP per capita for every one point increase of a country’s EIU Democracy Index 
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score, which is also slightly higher than before.  The coefficients of the secondary explanatory 
variables for this model all seem to make economic sense.  All variables are significant at the 1% 
level, except for fdi, which is still significant at the 10% level. 
The table below shows a summary of the four regression models explored previously, where the 
numbers in parentheses below the estimates are the standard errors of each value. 
 Dependent Variable: log(gdpcap) 
Independent 
Variables 







































No. Observations 139 119 119 
R-squared 0.4013 0.7099 0.7050 
Adj. R-squared 0.3969 0.6944 0.6947 
*Significant at 10%, **5%, ***1% 
V. Extensions 
In our analysis of Model 2, we saw that savings and unemploy were individually insignificant 
variables using a two-sided T-test. However, we haven’t yet determined that they are jointly 
insignificant. To do so, we will conduct a joint F-Test on savings and unemploy in Model 2, using 
Model 3 as our restricted model. The following are our hypotheses for this F-Test: 
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𝐻0: β5 = 0, β6 = 0 
𝐻1: 𝐻0 𝑖𝑠 𝑓𝑎𝑙𝑠𝑒  
Using the R-squared value for both the restricted and unrestricted models, we calculate the F-value of 
this test to be 0.084. At the 10% level, the critical value F2, 112 ≈ F2, 120 is 2.35. Because the critical 
value of the F-distribution is greater than the F-value we found, at the 10% significance level, we fail 
to reject the null hypothesis and conclude savings and unemploy are jointly insignificant. Because of 
this, we take Model 3 as our more accurate model. We now consider another possible model. 
Model 4: 
Even though the p-value of savings was very high in Model 2, it would make economic sense for 
there to be a direct relationship between loggdpcap and savings. Therefore, we will try a different 
model using both savings and (savings)2 to see if a misrepresentation of the underlying relationship 
between loggdpcap and savings is causing the statistical insignificance. In this model, we will drop 
unemploy and instead focus on the significance of savings and (savings)2. The equation for this 
model is: 
log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  β0  +  β1𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 + β2𝑎𝑣𝑔𝑖𝑛𝑓𝑙 + β3𝑓𝑑𝑖 + β4𝑔𝑖𝑛𝑖 + β5𝑠𝑎𝑣𝑖𝑛𝑔𝑠
+ β6𝑠𝑎𝑣𝑖𝑛𝑔s
2 + 𝑢 
We still have a sample size of 119 countries for this model, since we include gini in our analysis.  
The estimated equation calculated by STATA is: 
log(𝑔𝑑𝑝𝑐𝑎𝑝)   =  3.126  +  0.225𝑑𝑒𝑚𝑖𝑛𝑑𝑒𝑥 − 0.023𝑎𝑣𝑔𝑖𝑛𝑓𝑙 + 0.001𝑓𝑑𝑖 − 0.016𝑔𝑖𝑛𝑖 
 − 0.002𝑠𝑎𝑣𝑖𝑛𝑔𝑠 + 0.0001𝑠𝑎𝑣𝑖𝑛𝑔s2 
The R-squared of this model is 0.7062 and the adjusted R-squared is 0.6905, which are both lower 
than in the Model 2. Nevertheless, the correlation between demindex and loggdpcap remains 0.7966. 
Additionally, the estimated value of β1 is positive and shows that our model predicts a 22.5% 
increase in GDP per capita for every one point increase of a country’s EIU Democracy Index score, 
which is almost half as much as before.  However, the main variables of interest in this model are 
savings and (savings)2. The former has a p-value of 0.673 and a 95% confidence interval of [-0.0098, 
0.0063], while the latter has a p-value of 0.501 and a 95% confidence interval of [-0.0002, 0.0005]. 
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Clearly, neither is statistically significant using a two-sided test at even the 10% level. This 
demonstrates that savings is still not a very useful control variable when we include its square in our 
regression model. 
VI. Conclusions 
Each linear regression model we considered in this study supported our initial hypothesis that there 
exists a positive correlation between the EIU Democracy Index level and GDP per capita of a 
country. In our first model, we observed an R-squared value of 0.4, which highlights the mild 
apparent relationship between the two. However, in our second third, and fourth models, we saw an 
R-squared value of nearly 0.7, demonstrating that there is in fact a much stronger relationship when 
we control for external variables. Therefore, it seems reasonable to conclude that more democratic 
countries tend to also have higher GDP’s per capita, all else being equal. 
Analyzing our secondary explanatory variables, we determined that a country’s average inflation 
rate, net inflow of foreign direct investment, and Gini coefficient do have a substantial impact on 
GDP per capita across every model we studied. According to our models, higher average inflation 
rates and higher Gini coefficients tend to decrease a country’s GDP per capita, all else being equal, 
while higher net inflows of foreign direct investment tend to increase this value. On the other hand, a 
nation’s savings and unemployment rates do not seem to have a significant influence. This is a 
somewhat surprising conclusion, and one that may warrant further research. Moreover, it is highly 
likely that additional control variables could improve the accuracy of our models. With this in mind, 
future studies could explore other factors that might influence GDP per capita in order to build upon 
our work. Nevertheless, we still are able to say with high confidence that there exists a strong 
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Appendix C: STATA Correlation Outputs 
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